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P (·)a is PRF: Bob cannot know dlog of any other P (x) ??
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X

simulator can program
other Π(P (x)) outputs

Ideal permutation model: all parties have oracle access to random Π,Π−1
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more �ne print...
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I e.g., elliptic curve Di�e-Hellman with elligator encoding scheme

[BernsteinHamburgKrasnovaLange13]
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ideal cipher model
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P (y) = next message in key
agreement protocol
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deg-n polynomial
n KA
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ideal permutation model
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